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Background: The main goal of our project is to generate new molecules that have tuned optoelectronic properties using

machine learning methods. This is done by adapting a generative model that was developed for small organic molecules Improvement Loop
with little chemical or structural diversity. The dataset we will be using is a spectroscopy data set of optoelectronic i Database generated
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. Atoms are conditionally added to the molecule given the of elements and sizes of § /¢ ;56 2 model (Schnet+H) to predict the HOMO and LUMO
charges and positions of the atoms already on the the molecules in the energies of all the systems in the database and to select
molecule. ZoRh R ENSPERRRNERLN  training set. molecules with the smallest HOMO-LUMO energy gap.
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for rotational invariance of the molecule To measure the performance —— Training «  Use this portion of the.database to retrain G-SchNet which will
of the generative model we 2 R generate molecules with a smaller HOMO-LUMO gap.
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